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Abstract—This study uses data from the National Longitudinal Survey ghobility per se—that is, mobility has no independent effect
Youth to distinguish empirically between mover—stayer, “search good,” : : - . P . Fn
and “experience good” models of job mobility. We estimate wage modef Wages after its relationship with time-invariant job

in which the pattern of overall job mobility affects both the level and tenuigpecific effects is taken into account.

slope of the log-wage path. After controlling for the correlation between The third model is the “experience good” model of job
mobility patterns and time-constant person- and job-specific unobserv-

ables, we find that workers who undergo persistent mobility have Iowgr‘atc_hing_ (Johnson (1978)., Jovanovic (1979a)), so na"m_ed
Iog;jw?ge pa:]hshthag lesi ,TObiledV_vorketsz. This finding is cokr;sistenglwmagaln using Nelson’s terminology) because match quality is
models In wnich Job mo ||ty IS ariven py tlme-varylng unopservaple H H H
such as “experience good” models, where changes in perceived maj Rt k”‘_’W” ex“ ante but is le_arned over t'_me as the matCh IS
quality cause turnover. experienced” and productivity-related information is re-
vealed. In this model, job mobility occurs when a match

I.  Introduction proves to be worse than was initially believed. This leads to

DO YOUNG workers benefit from job mobility? Aadownward adjustment of the wage, which in turn leads to a

number of theoretical models have attempted to ansV\y‘g?rker-initiated separation if the wage falls below the level
Yailable at another job. Although true match quality is time

this question, leaving us with a range of predictions abofl Variant, mobilty is driven by timevarying perceptions of

which workers move, why workers move, and how mobilit} . i~ . .
affects wages.In this study we take a new approach t ob quality. Hence mobility will be correlated with wages

assessing empirically the relative importance of a number@fen after one controls for the relationship between wages
competing theories. We exploit the fact that certain theore@ild unobserved time-invariant individual and job effects.
cal models make different predictions about intrapersorfdereover, the model allows for the possibility that an
mobility patterns that will be observed in the data and, mok§!lucky worker could experience a sequence of “bad”
importantly, about the mechanisms by which those mobilifpatches and, as a result, endure persistent (within-job) wage
patterns affect wages. losses.

We focus on three models of job mobility. The oldest of In an attempt to distinguish among these competing
the three is the mover—stayer model (Blumen et al. (1955§0dels of job mobility, we use data for a sample of young,
which argues that underlying personal characteristics cawgaite men from the National Longitudinal Survey of Youth
“good” (high-productivity) workers to avoid job turnover, (NLSY) to examine patterns of “overall” mobility, defined
and “bad” (low-productivity) workers to undergo persistents the number of job separations experienced during the first
mobility. The model predicts that movers’ mobility does natight years of the career. While the typical worker in our
diminish over time, and that mobility is negatively related teample is seen changing jobs several times during the initial
wages only because it is correlated with the unobservptase of his career (as Bartel (1980), Hall (1982), Topel and
personal characteristics that determine productivity. Onggard (1992), and Farber (1994) also report) and moving to
the relationship between mobility and unobserved individugicreasingly durable jobs, there is considerable interpersonal
effects is taken into account, mobility should no longer bgyriation in mobility patterns. In particular, the mobility of
correlated with wages. o some workers fails to decline over time, which is consistent

The second model we consider is the “search googith either mover—stayer or experience good matching
mode] of job r_r}atchlng (Burdett (1978), Jovanovic (1979bWodels but not search good matching models.
in which mobility reflects voluntary moves to more produc- \we estimate a wage model that is standard in most

Jobs “search goodsj’ in the parlanc_e of Nelson (1970). T ndergone in the first eight years of the career. To control for
_search _good m_atchlng_model predicts that workers move ® timing of overall mobility, we also hold constant the

'”Cref?s'”g'-‘/ hlgh—qua_llty matches and that, as a resuntl’meer of job separations incurred in the first two years of
mobility slows over time. Wages are affected by match

quality, which is a time-invariant characteristic, but not b%he_career. We begin by estimating the wage model via

rdinary least squares (OLS). Although the OLS assump-
tions are indefensible, the estimates reveal how “overall”
Received for publication March 13, 1995. Revision accepted chPOb!“ty c_orrelates kel Wa.'gebeforewe account .for.the
publication March 6, 1997. relationship between mobility and unobserved individual
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eight-year window earning substantially less than their lessodel by arguing that workers’ wages are used by their
mobile counterparts. employers’ competitors as signals of their quality; in this
After examining these “unconditional” patterns in themodel the best workers undergo the job turné\fe do not
data, we introduce more elaborate error structures to contaligctly assess the merits of these alternative theories,
with the fact that workers’ job turnover rates are likely to balthough we consider the human capital model in specifying
influenced by unobserved factors that we cannot control four wage model and interpreting our results.
directly. Our second error structure consists of time- Before turning to our empirical analysis, it is worth noting
invariant person-specific random effects plus white noise.time key difference between our approach and the empirical
estimating the model with this more elaborate error strumethods typically used to assess the relationship between
ture, we account for any correlation between the persamobility and wages. Among the many empirical studies in
specific random effects and the mobility-related regressdbss area, those that focus on young workers include Bartel
by using a modified version of the technique suggested (4980), Borjas and Rosen (1980), Bartel and Borjas (1981),
Hausman and Taylor (1981). The qualitative relationshidincer and Jovanovic (1981), Borjas (1984), Mincer (1986),
between mobility and wages seen in the OLS model does rattel (1991), Loprest (1992), and Topel and Ward (1992).
change and, in fact, is strengthened. Because mobilityith few exceptions, these studies use first-difference
patterns are seen to be related to wages after individeatimators to assess the contemporaneous wage growth
effects are taken into account, we conclude (as have maggociated with a job change—for example, the size of the
others) that the mover—stayer model is not supported by tlvage boost accompanying the typical transition or the
data. within-job wage growth immediately preceding the transi-
We then extend the error structure further to includgon® This approach reveals whether mobility pays “on
time-invariant job-specific random effects, and we agaaverage,” but it does not consider the relationship between
control for any correlation between the regressors and theerall mobility patterns and wages, nor can it readily assess
random effects. With this error structure in place, théhe estimators’ sensitivity to the use of alternative error
estimated relationship between overall mobility and wagsguctures.
is weakened considerably, but we continue to find thatIn the next section we describe the data and summarize
increases in overall mobility are negatively associated withe mobility patterns observed in our sample. In section IlI
wages. This result is inconsistent with a search good modet detail the specification of each wage model and describe
of job mobility in which match quality is known ex ante, bubur estimation procedure. Section IV contains a discussion
is consistent with the notion that jobs are experience good$the estimates, and section V contains concluding remarks.
Such models allow for the possibility that persistent mobility
is (negatively) associated with wages after the effects of Il.  Overview of Early-Career Mobility and
time-invariant individual and job characteristics have been Wage Growth

removed. Of course, our finding is also consistent with any . . .
alternative model in which job mobility is correlated with The data are from the NLSY, which began in 1979 with a
mple of 12,686 men and women who were born between

. ; . S
time-varying components of the residual—for example,§§57 and 1964. Annual interviews of the respondents were

model in which the returns to tenure are dependent conducted from 1979 to 1994, at which time the survey

individual abili h lity. L .
Ino'l&ﬂggsgﬁbx;y]%rcrlT:ltgurq;;eltnytion on the three mobility€came biennial; our data are restricted to the 1979 through
8 3 interviews. In selecting a sample for analysis, we

models detailed above, there are numerous other theo onfine our attention to white men, who account for 3790
that pertain to voluntary job mobility. The human capitag ’

. L . 30%) of the original sample.
model (Becker (1962), Oi (1962)) highlights the invers o .
relationship between job mobility and investments in job- We eliminate any male respondent from the sample if (1)

specific skills. While this model allows that job changes magce g%?g?tﬁgcg;ﬁaeol}[/ geettgrrmilgg thhlg g?ﬁ%g?nen:g;ifﬂv:ts
be associated with substantial wage gains, it cannot predi 5' 9

priori whether the between-job wage growth of job changers

exceeds the within-job wage growth received by “stayers"3 Omori (1990) develops a raiding model that predicts that good workers

as the return to their job-specific training. Models in Whicmnoddeerﬁdessmoblllty than bad workers, in keeping with the mover—stayer

workers are assumed to post bonds, either to ensure produartel’s paper is an exception to the tendency to look at contemporane-
tivity (Lazear (1979)) or for self-selection purposes (Sﬂgs wage changes. Using the Coleman—Rossi Retrospective Life History

: : Study, she estimates between-job, within-job, and total long differences
and Salop (1976), Guasch and Weiss (1981)), also predi é a roughly 15-year period. Models of wage levels, rather than

negative correlation between within-job wage growth arnferiod-to-period wage changes, appear in the Mincer/Jovanovic and
between-job wage growth in a cross section. Lazear’s (198@}cer studies.

s - - >’Our sample includes men from the nationally representative cross-
raiding model predicts the opposite of the mover_Stayg ction sample as well as from the supplemental sample of disadvantaged

individuals and the military sample. After imposing the selection criteria
2We make these inferences by computing predicted wages at variaiescribed below, 78% of the individuals remaining in our sample
experience levels for workers who differ only in their overall mobilityoriginated from the cross section, 20% from the supplemental sample, and
patterns. 2% from the military sample.
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TABLE 1.—NUMBER OF SAMPLE DELETIONS BY REASON TABLE 2.—DisTRIBUTION OF NUMBER OF JOB SEPARATIONS DURING FIRST 2,
Number of 4, AND 8 YEARS OF CAREER
Respondents Reason for Deletion 2 Years 4 Years 8 Years
3790 White men in original NLSY sample Number No. No. No.
_—34 1. School exit date and/or school attainment indeter- of Job of % of of % of of % of
minate Separations Men Sample Men Sample  Men Sample
3756
—61 2. School exit date precedes sixteenth birthday 0 985 43.0 581 25.3 279 12.2
3695 1 545 23.8 378 16.5 236 10.3
—4 3. Stay in school throughout observation period 2 369 16.1 366 16.0 264 11.5
3691 3 185 8.1 302 13.2 233 10.2
—1047 4. School exit date precedes January 1, 1978 4 120 5.2 209 9.1 211 9.2
2644 5 51 2.2 183 8.0 201 8.8
—72 5. Observed for less than 8 years after school exit 6 22 1.0 114 5.0 166 7.2
date 7 10 0.4 54 24 155 6.8
2572 8 2 0.1 52 2.3 125 5.5
—280 6. No employment data during 8-year window 9 3 0.1 21 0.9 108 4.7
2292 Sample used for analysis 10+ 32 1.4 314 13.7
All 2292  100.0 2292 100.0 2292 100.0
. . . . Mean 1.23 2.53 4.94
that time, (2) his school exit date (defined as the start of the p. (1.49) (2.45) (4.09)
9 16 23

first nonenrollment spell lasting more than 12 months)Maximum
precedes his sixteenth birthday, (3) he has not left school by
the time he is last interviewed, (4) his school exit date ] ] ) ,
precedes January 1, 1978, (5) he is not observed for at |k} count is obtained from the NLSY work history file,
eight years after the school exit date, or (6) he does nhich reports starting dates anq othe_r characteristics for jobs
contribute valid employment data during the eight-yeéi_\em_at the time of each annual interview, as wgll as f_orupto
window. The deletions associated with each criterion af¥€ jobs that began and ended since the last interview. The
summarized in table 1. count includes any reported job whose starting date is no
Before imposing the first selection rule, we attempted {gter than eigh_t years after the respondent’s first school exi'g,
resolve all inconsistencies in reported schooling enrollmePit €xcludes jobs that start and end before the school exit
dates and completion levels in order to learn precisely wheAte’ o _
each respondent first leaves school. We base this determinal@ble 2 shows the distribution of the number of job
tion on clean data because the school exit date is the pdiParations undergone by each person during the first two,
where we begin counting job changes and measuring wdgkr. and eight years of his career. The mean number of job
experience, and we wish to avoid having reporting errors §¢Parations in the first eight years is 4.9, with a standard
schooling attainment translate into measurement error Jgviation of 4.1. This, of course, understates the number of
these key variables. Having done this, we find that 3gbs actually held (but not necessarily separated from), the

respondents report schooling information too inconsistenfjgan of which is 5.5 with a standard deviation of 3.9.
for us to determine reliably when their careers begin or hdy}hese numbers are not reported in table 2.) As table 2
much schooling they received. We impose selection rules {Bystrates, 12% of individuals experienoe job separations
and (4) because detailed information on employment actiVit the first eight years of their career (which necessarily

ties is reported from January 1978 onward (althougf€ans they hold one job because no one in the sample
generally, only for respondents age 16 or older), so ywemains jobless), while another 10% separate from only one

cannot construct accurate measures of overall mobili§/nployer. At the other extreme, 14% separate from 10 or
work experience, and job tenure for individuals who staffore employers; that is, they average well over one job

their careers prior to that date. This causes 1108 individugRParation per year for the entire eight-year period. While
to be deleted from the sample. Selection rule (5), whidable 2 demonstrates that the typical worker in the sample is

eliminates an additional 72 InleIdl,Jals’ 1S 'mpos‘?‘?’ S0 tha; The NLSY elicits information on all jobs held, but limits the number to
we can measure each respondent’s overall mobility overi@ in the public data release because only a handful of respondents report
fixed period of timeé more than five jobs between any consecutive interviews. Hence we believe
; : ; have a complete count of all job separations. Information on wages,
_After |mp05|_ng these sample selection I’L.1|65, we are, I#r\(-gustry of employment and other characteristics is typically not collected
with 2292 white men who report 11,331 job separationg jobs lasting nine weeks or less. These very short jobs are included in
during the first eight years of their careers. They encounteir Ovetr_all tmg?ility colunt, t:jUft typically do n?t contribute a wage
; ; ; ; ervation to the sample used for our wage analysis.
13’10,9 !Obs during those e',ght years, but a m_"n,ber of JO%tgropel and Ward (1992), who analyze a sample from the longitudinal
remain in progress at the eight-year mark. This job sepagaployer—employee data, find that the average worker holds 6.1 jobs by
the time he has eight years of potential experience. The similarity of the
5We choose an eight-year window because it causes relatively fémo means is somewhat surprising given that Topel and Ward count only
respondents to be dropped, given that the nonattriters are typically Idng-time jobs held after the 18th birthday. Because of those restrictions on
gone from school by 1993, while providing a suitably long time frame itheir sample, we would expect them to understate early-career mobility by
which to observe job mobility. a small amount.
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quite mobile, it also reveals these young men to Y9 individuals holding only one job in the first eight years
extremely heterogeneous in the amount of early-career jobtheir careers, the mean job duration is 8.7 years and the
turnover they experience. median duration is 8.9 yea?sThe typical individual who

Our data on job separations also indicate that job mobilihanges jobs once moves from a job that lasts 2.0 years to
typically slows over time, as Topel and Ward (1992) anohe that lasts 6.4 years, while workers who make several
others have found. Roughly 28% of the sample undergoestransitions tend to hold a string of jobs lasting one year or
job mobility during the second four years, and 47% undeless before finally moving into a more durable employment
goes at most one job separation during that time. Howevesituation. Looking down any column of table 3, we find a
comparison of the three distributions shown in table fairly consistent pattern of increasing mean durations and an
reveals a pronounced rightward shift in the right tails as wavyen more pronounced pattern of increasing medians, al-
move from two to four to eight years, which suggests thatthough transitions to shorter jobs do occur among workers
subset of individuals undergoes a large number of joiho undergo numerous job separations. The “majority”
changes during the latter half of the eight-year window. lgvidence that workers tend to move into increasingly
fact, 22% of the sample increases their cumulative numiséisrable jobs is consistent with the predictions of search good
of job separations more than threefold during the seconthtching models (e.g., Burdett (1978) and Jovanovic
four years of their career. Clearly, young men are heterogd979b)). However, it should be noted that experience good
neous in the timing of their early-career job mobility as welhatching models (Johnson (1978) and Jovanovic (1979a))
as in their overall mobility levels. allow for the possibility of a decline in job duration from one

In table 2 and throughout our analysis we examine tfieb to the next because workers are unable to determine ex
total number of job separations rather than the number &fte the quality of a new job match and could, therefore,
voluntary job separations. We do this for a number dfhadvertantly move to a lower quality match.
reasons. First, it is not clear how to distinguish betweenIn table 4 we provide preliminary evidence of the
voluntary and involuntary job separations. The NLSY codéglationship between job mobility and wage levels and
alarge number of reported reasons for each job exit, rang@@wth by examining initial wages and “final” wages for
from “plant closed” to “found better job” to “spouse Workers with different levels of overall mobiliy. The top
changed job.” If we were to define involuntary separatiof®W of table 4 shows that the average starting hourly wage
as those corresponding to discharges and layoffs and volf@i-workers who never change jobs is $6.44. Reading across
tary separations as everything else, then 67% of all jée top row, we see a steady decline in average starting
separations for which reasons are reported would be clagéfges as future job turnover increases. The next row of table
fied as voluntary. Furthermore, the ratio of voluntary to totdi Shows a similar decline in “final” wages, which refers to
job separations incurred in the first eight years of the cardBe Wage reported when each worker has roughly eight years
would be 0.7 or greater for 63% of the sample, includingf Potential experience. The mean hourly wage is $10.72
those with no separations of any type. However, tféNoNg workerg who remain with their first employer, and it
voluntary separations would include those caused by illnedgclines steadily to a low of $7.09 among workers who have
and family obligations as well as those occurring when tif¢parated from 10 or more jobs. When we compute sample
respondent found a better job or was unhappy with his p&jeans of the percent change in the wage, however, the
Second, the reason for job exit is either missing or coded@@notonic decline in career “success” is no longer ob-
“other” for 26% of all job separations. We must eitherS€rved. Workers who change jobs 1 or 2 times average 92%
eliminate these jobs or arbitrarily assign them to th¥age growth during the first eight years of their career,
voluntary or involuntary category. Third, if we replace ouhich is significantly more than the 61% to 79% wage
measures of total job separations with measureshintary 9rowth received by all other workers. In summary, table 4
job separations (defined as all separations other than thf2¢eals that immobile workers receive the highest wages,
corresponding to discharges and layoffs), our inferencgdt that workers who undergo a moderate amount of job
about the effects of job mobility on wage paths are qualitfePility appear to catch up to them during the eight-year
tively unchanged. In the wage functions described jpterval. These patterns are masked in studies that focus on
sections Il and IV this substitution causes the coefficientd® Wage growth of the typical workér.
for the job mobility measures to be 3% to 8% larger in
absolute value, but it has no effect on our conclusions aboﬁfl’he uncensored (true) duration is used if the job ends before the

. . .- individual is last interviewed, even if it ends when he has more than eight
the relationship between mobility, wage levels, and Waggy s of potential experience. In all other cases, job durations are censored

growth. at the point where the jobs are last observed.
We now examine the average duration of each job in ordelf Throughout the analysis, our wage measure is the average hourly wage

- - . .. computed from reported data on earnings and hours and weeks worked.
to learn whether job duration (and presumably job qual'tyﬁl For example, the study by Topel and Ward (1992), which provides

increases with each successive transition. In table 3 wtne of the most recent and comprehensive evidence on the relationship
report mean job durations after breaking the sample down een job mobility and wages, indicates that the average change in

. . . . gifarterly earnings associated with a job change during the first 10 years of
the total number of job separations and the particular j career is 11.4%. Because this is much larger than the average

number. The first column of table 3 shows that among thhin-job change in quarterly earnings that they estimate, it is taken as
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TABLE 3.—DURATION OF EACH JoB HELD DURING FIRST 8 YEARS OF CAREER

Number of Job Separations in 8 Years

Job
Number 0 1 2 3 4 5 6 7 8 9
1
Mean 8.65 2.00 1.08 111 0.88 0.88 0.77 0.84 0.62 0.58
(S.D) (3.52) (2.08) (1.42) (1.37) (1.06) (1.11) (0.97) (1.08) (1.08) (0.73)
[Median] [8.94] [1.05] [0.46] [0.48] [0.48] [0.44] [0.38] [0.44] [0.25] [0.33]
2
Mean 6.40 1.68 1.05 1.06 0.82 0.68 0.74 0.57 0.59
(S.D.) (2.87) (1.69) (1.18) (1.33) (0.96) (0.83) (0.91) (0.76) (0.72)
[Median] [6.48] [1.02] [0.57] [0.48] [0.48] [0.31] [0.42] [0.31] [0.33]
3
Mean 6.07 157 1.00 1.06 0.99 0.95 0.87 0.61
(S.D) (3.11) (1.56) (1.07) (1.20) (1.13) (1.18) (1.11) (0.73)
[Median] [5.69] [1.00] [0.59] [0.62] [0.50] [0.44] [0.44] [0.33]
4
Mean 5.01 1.46 1.01 0.89 0.94 0.81 0.83
(S.D.) (2.96) (1.51) (1.09) (0.98) (1.08) (1.04) (1.12)
[Median] [4.52] [0.81] [0.61] [0.55] [0.50] [0.40] [0.42]
5
Mean 4,77 121 0.83 1.01 0.90 0.91
(S.D.) (2.98) (1.25) (0.94) (1.20) (1.05) (1.01)
[Median] [4.28] [0.88] [0.51] [0.58] [0.46] [0.49]
6
Mean 4.69 1.14 0.96 0.95 0.94
(S.D.) (2.95) (1.20) (1.06) (1.12) (1.13)
[Median] [4.48] [0.73] [0.56] [0.47] [0.50]
7
Mean 4.25 1.18 0.88 0.89
(S.D) (2.69) (1.23) (0.94) (0.98)
[Median] [3.52] [0.71] [0.50] [0.53]
8
Mean 3.46 0.93 0.88
(S.D) (2.43) (0.91) (0.96)
[Median] [3.06] [0.63] [0.56]
9
Mean 3.83 0.85
(S.D) (2.45) (0.97)
[Median] [3.45] [0.49]
10
Mean 3.40
(S.D.) (2.63)
[Median] [3.00]

and job tenureT, which is the portion ofX acquired

. . . . . subsequent to beginning jabX? andT?2 are also included in
In this section we describe the alternative wage equatiofls,” - J1al We defin by summing, on a week-by-week
IEZ: r\:\:eestessttgg?;?ﬁ;rr:?n mr?]s(,)t dge?;ir(?;:gicxﬁ:ggg:and 0@fsis, the usual number of hours worked on all jobs from the
9 career starting date (the first time the individual leaves
school for more than one year) to the time the wage is

[ll.  Model Specification and Estimation Issues

In Wi = o + BaZye + Bole + by + o + vy (1)
where InW; represents the CPl-deflated average hourly  TasLe 4—WaGE CHANGES DURING FIRST 8 YEARS OF CAREER
wage for individuali on jobj at timet, andZ represents a
standard set of regressors that are often included in “human

Number of Job Separations in 8 Years

e : ; X Variable 0 12 34 56 7-9 10-23
capital” earnings functions. Among tt#s are work experi-

; nitial wage 6.44 5.37 5.22 4.97 4.92 4.81

enceX accumulated between the start of the career andttime 282) (260) (228) (231) (259) (2.18)

Final wage 10.72 9.37 8.43 7.79 7.14 7.09

evidence that mobility pays. We find that the average annual change in (6.03) (5.39) (5.25) (4.13) (4.69) (5.86)
hourly wages associated with a job change is 12.3%, which comparepercentchangein 0.76 092 078 079 061 0.76
closely to the Topel and Ward estimate. However, this figure hides a great \yage)/100 (1.00) (1.26) (1.20) (1.17) (1.18) (1.58)

deal of heterogeneity: workers who change jobs only once in eight years

receive an average wage boost of 9% when they do so. workers tes: Initial and final wages are earned “close to” 0 and 8 years of potential experience (at 0-1 and

Separate 3 or 4 jObS receive an average boost of 15% an’d workers g.g—s.s years of potential experience). We omit 922 (40%) of the 2292 men in our sample from these
’ {

- i lations because they do not report two wages satisfying these criteria. Wages are CPI-deflated
leave 7t0 9 ]ObS receive an average boost of onIy 4%. average hourly values expressed in 1982 dollars. Standard deviations are in parentheses.
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reported to have been earned. This variable is divided tmtal job separations because both mobility and employment
2080 to convert it to full-time, full-year equivalents. Tenureontinuity are undoubtedly determined in part by individual
is defined similarly, but the starting point is the starting dasnd job-specific characteristics that we are unable to ob-
for the job denoted by. Z also includes dummy variablesserve. We treat each regressorliras endogenous, along
indicating the highest grade of school completed (0-11, Mith experience and tenure (and their squared terms), and
16, or 1A, with 13-15 the omitted group), whether thehe dummy variables indicating schooling levels, school
respondent is enrolled in school at tiénis marital status enrollment status, and part-time work. We could treat
and health status, whether he works part time or for tlaglditional regressors i as endogenous, but our estimated
government, his union status, whether he resides in a cityamefficients for the variables of interest are not sensitive to
in the South, and his industry of employment. To control fawhether we do sé&'
economywide wage fluctuations, we also include the quar-Generalizing Hausman and Taylor, the deviations from
terly seasonally adjusted local unemployment rate for 20—-2#ithin-job (rather than within-person) means of each time-
year-old males, and the average hourly wage earned \arying regressor (whether endogenous or exogenous) are
private-sector nonfarm workers in the United States duringed as instrumental variables, along with the within-job
the year in which the wage was reported. Althouglis means of each exogenous regressor. All regressors except
subscripted byi, j, andt in equation (1), some of its TJ2, TJ8, and the dummy variables indicating government
components (e.g., schooling, marital status, and unempl@ymployment, union status, residence in a city, residence in
ment rate) are independent pf the South, and industry are time varying within jobs (see
The vectorl” contains the mobility-related variables thatable 5). The deviations are valid instruments because they
are unique to our study: includes controls for the numberare uncorrelated with the error terms by constructfowe
of job separations experienced in the first two years of tlidso use three additional instrumental variables. One is
career TJ2) and the total number of separations incurred itonstructed by tracking the counties in which the respondent
eight years TJ8). Our objective in including botiJ2 and resides during the first two and eight years of his career and
TJ8 is to control for “very early” mobility (TJ2) in addition computing the average percent urbanized for those counties.
to “overall” mobility (TJ8). We also include interactionsWe also calculate the average number of weeks per year
betweenTJ2 and TJ8 and the linear and quadratic tenureach respondent’s wife spends working during the first two
terms, thus allowing investment in job-specific humaand eight years of his career (using zero weeks if the
capital to differ by mobility. We exclude interactions berespondent is unmarried in a particular year) and the number
tween mobility levels and other explanatory variables (most children each respondent has during the two- and
notablyX andX?) because they prove to have no additionaight-year window4¢
explanatory power. Summary statistics for each regressor imPAs noted at the outset of this section, equation (1) nests
Z andI” appear in the appendix. the other models that we estimate. Two of the alternative
In equation (1) we specify the residual to &g + o; + models specify the same relationship between log wages and
vir, Where ¢; captures the effects of unobserved timesbservables as equation (1), but assume different error
invariant job characteristicsq; captures the effects of structures. One assumes the error structusg{s v, which
unobserved time-invariant individual characteristics, apd is consistent with the mover—stayer model. The other
includes all other unobservables. We maintain the (testabéssumes that all unobserved factors are time-varying random
assumption that;; is white noise. Given this assumptionyariables that are orthogonal to the regressors, that is, the
the error structure in equation (1) nests both the moveeror structure consists only afy. This error structure
stayer model and the search good matching m&deach appears to be indefensible, but by examining the relationship
component of the residual is assumed to be independently

distributed with zero mean and variance equaiiocrf(, and  14Adding the dummy variables indicating marital status, health status,
o2, respectively. government employment, union status, and residence in a city and in the
v outh to the list of endogenous variables has a statistically insignificant

) In eStlmatmg_equatlon (l)'_ we use a variant of théffecton the coefficients for the variables of primary interest, nanid,
instrumental-variables generalized least-squares (IV/GL&)HTJS, and their interactions with tenure.

procedure proposed by Hausman and Taylor (198The _ *° This statement is correct onlyif, is white noise—an assumption that

: - . . is_ipconsistent with the experience good matching model, as we have
instrumental-variables procedure is necessitated by the fgfg‘ady noted. In the experience good model, the error structure should be

thatd; anda; are likely to be correlated with a number ofwritten_asdy + o + my., which is equivalent tab; + a; + (b + M),
regressors, including experience, tenure, and the numbewbgredy = &y — ¢;. Our estimation procedure treats = ¢;; + m; as
white noise. Ifvy is not white noise, then we will obtain biased and
inconsistent parameter estimates for all regressors that are correlated with
12The error structure in equation (1) is identical to the one used by;. Most notably, we will obtain biased (nonzero) coefficientsTd8.
Altonji and Shakotko (1987). 16 A test of the overidentification restrictions related to these “extra”
13The advantage of assuming the componesitaindo; to be random instrumental variables fails to reject the hypothesis that the model is
effects and using GLS is that it yields more efficient estimators thancarrectly specified using conventional significance levels. We include the
fixed-effect (within-person/within-job) procedure. Moreover, GLS enabletra instruments because they improve Bien the first-stage regres-
us to estimate the effects of variables for which there is no within-personsions. However, the estimated coefficients for the key variaf1a, {TJ8,
within-job variation—maost notably, the variables indicating each workerand their interactions with tenure) are not sensitive to whether the
overall mobility pattern. additional instrumental variables are used.
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TABLE 5.—ESTIMATES OF ALTERNATIVE WAGE MODELS

OLS IVIGLS IVIGLS
(€] @ ©) 4 (5) (6)
Coeff. S.E. Coeff. S.E. Coeff. S.E. Coeff. S.E. Coeff. S.E. Coeff. S.E.
Intercept -1.117 0.313 -1.174 0.314 -0.044 0.012 0.075 0.026 —0.016 0.007 -0.024 0.007
Separations in 2 years
TJ212 0.010 0.003 0.008 0.026 —-0.001 0.009
TJ2 -Tt¢ 0.002 0.002 0.006 0.002 0.002 0.003
TJ2 -T?101 —0.005 0.002 —0.006 0.002 —0.005 0.003
Separations in 8 years
TJ8 —0.009 0.001 —0.029  0.008 —0.013 0.004
TJ8 -Tte —-0.001 0.001 —-0.001 0.001 —-0.002 0.001
TJ8 - T4101¢ 0.002 0.001 0.002 0.001 0.004 0.001
Years of work experience
Xte 0.050 0.003 0.055 0.003 0.051 0.002 0.052 0.002 0.042 0.004 0.049 0.004
X210t -0.017 0.002 -0.019 0.002 -0.017 0.002 -0.017 0.002 -0.013 0.002 -0.018 0.002
Years of job tenurd t¢ 0.054  0.003 0.048 0.004 0.040 0.003 0.035 0.004 0.031  0.004 0.026  0.005
T?/101¢ -0.025 0.003 -0.022 0.003 -0.019 0.002 -0.017 0.003 -0.014 0.003 -0.010 0.004
1 if years of school is
<12f¢ —0.191 0.008 —0.182 0.008 -—0.157 0.031 -0.113 0.032 -—0.146 0.028 —0.116 0.028
121 -0.140 0.007 -0.139 0.007 -0.079 0.016 -0.077 0.016 -0.089 0.019 -0.082 0.019
161° 0.208 0.010 0.202 0.010 0.176 0.021 0.162 0.021 0.178 0.025 0.182 0.025
>171¢ 0.228 0.010 0.225 0.010 0.183  0.017 0.175 0.017 0.205 0.024 0.187  0.023
1if in school¥ -0.111  0.010 -0.108 0.010 -0.101 0.010 -0.102 0.010 -0.101 0.014 -0.075 0.014
1if married 0.083 0.006 0.078 0.006 0.064 0.007 0.056 0.008 0.059 0.009 0.060 0.009
1 if divorcedt 0.043 0.010 0.044 0.010 0.029 0.012 0.025 0.012 0.028 0.013 0.033 0.014
1 if health problem% —0.099 0.014 —0.094 0.014 —0.039 0.014 -0.034 0.014 -—0.028 0.014 —0.026 0.014
1if works <35 h/weekf  —0.071  0.007 -0.066 0.007 -0.033 0.007 -0.032 0.007 -0.019 0.011 -0.014 0.011
1 if government job -0.141 0.015 -0.142 0.015 -0.052 0.016 -—0.052 0.016 -0.062 0.020 -0.064 0.020
1 if union jol? 0.199  0.008 0.199 0.008 0.181  0.009 0.180  0.009 0.170 0.011 0.170 0.011
1if lives in city? 0.114  0.006 0.116  0.006 0.071  0.008 0.071  0.008 0.069  0.009 0.073  0.009
1if lives in Soutt —0.019 0.006 —0.019 0.006 —0.013 0.010 -0.015 0.010 -0.017 0.011 -0.017 0.011
Unemployment rate -0.002 0.001 -0.002 0.001 -0.006 0.001 -0.006 0.001 -0.007 0.001 -0.007 0.001
Log of wage indek 1.283 0.151 1.327 0.151 0.835 0.018 0.751 0.025 0.791 0.012 0.820 0.014
Error structure Vijt aj + Vijt d)ij + o + Vijt
ol — — — — 0.0760 0.0760
o2 — — 0.0589 0.0585 0.0531 0.0528
ol 0.1965 0.1954 0.1403 0.1402 0.0689 0.0689

Notes:oi, o2, ando? are estimated variances of the job, individual, and transitory components of the residual, respectively. Each specification also includes eight dummy variables indicating industry of employment.
The sample size for each model is 30,307.

aRegressor is time-invariant within and across jobs for a given individual.

b Regressor can change value across jobs, but not within jobs; industry dummies are in this category.

¢ Regressor can change value within and across jobs.

T Denotes endogenous regressors in the IV/GLS models. See section IlI for a description of the instrumental variables.

betweenI" and log wageswithout controlling for the IV. Estimates
correlation betweerd’ and unobserved individual and job . .
_Table 5 presents estimates for the six wage models

effects, we can learn something about the relative impo . . . .
d ph(%iscrlbed in the preceding section. Columns (1) and (2)
S

tance of the mobility models discussed in section I. T . e . )
model where the error term is assumed to consisfainly ow OLS estimates for two specifications that differ only in

is estimated via OLS. When the error structure is specified 48ther controls for overall mobility are included. Columns
o + vy, we use the IV/GLS estimator described abové3) and (4) show IV/GLS estimates for the same two
However, the instruments consist of deviations fromi- ~SPecifications as columns (1) and (2), but now the error term
vidual means of the time-varying regressors andividual 1S expanded to include time-invariant individual effects, and
means of the exogenous regressors, as well as the tHheecorrelation between those random effects and the endog-
additional instrumental variables described in the precedif§OUs regressors is taken into account. IV/GLS estimates for
paragraph. All regressors excdpl2 andTJ8 change values @ similar pair of models appear in columns (5) and (6), but
over time (although not necessarily within job) and can B¥w time-invariant job effects are added to the error term.
used as instruments in deviations-from-the-mean form.  The column (6) estimates correspond to the model described
In addition, we reestimate the three models just describley equation (1).

after eliminatingl” from the set of regressors. These three In interpreting the estimates in table 5, we begin by
models serve as benchmarks so we can see how the inclusiomparing columns (1), (3), and (5). These columns corre-
of the mobility-related regressois affects the coefficients spond to a “standard” wage model (no overall mobility
for the tenure and experience terms. measures are included) and differ only in their error structure



JOB CHANGE PATTERNS AND THE WAGES OF YOUNG MEN 283

and endogeneity assumptions. What is noteworthy about thebility and wages seen in column (2) to unobserved
three sets of estimates is that the effect of tenure decreasesetrs. Specifically, the mover—stayer model attributes the
we move from column (1) to (3) to (5). The column (1yelationship to the effects of time-invariant individual char-
estimates imply that five years of tenure raise wages 20.886teristics that drive mobility and affect wages. The jobs-as-
whereas the column (3) and (5) estimates imply a 15.0% asehrch-goods matching model attributes it to the effects of
12.0% wage increase, respectively. It appears that ttmae-invariant job characteristics—tluamly reason workers
column (1) tenure coefficients are biased upward relative ¢gbange jobs is that a higher quality match has been found,
column (3) by virtue of the positive correlation betweemwhere match quality is a known time-constant characteristic
tenure and individual effects;. Similarly, the column (3) thatinfluences wages. In the jobs-as-experience-goods model,
estimates are biased upward relative to column (5) becatise unobserved factor that affects both mobility and wages is
tenure and job effectg; are positively correlated. Theseperceivedmatch quality, which is a time-varying effect.
results confirm what other researchers have found and whaus of these three models, only the experience good model
mover—stayer and matching models predict: jobs held B/consistent with overall mobility having an effect on wages
good (higha;) workers and good (higkb;) jobs last and, after its correlation with time-invariant individual and job
therefore, are associated with high levels of tenure. effects is taken into account.

Next we turn to the estimates in columns (2), (4), and (6) We control for the relationship between the mobility-
of table 5, where measures of overall mobility are include@lated regressors and time-invariant individual effects in
among the regressors. Following up on the point made in tbelumn (4) of table 5 and control for both individual effects
preceding paragraph, we note that the additioT## and and time-invariant job effects in column (6). The coefficient
TJ8 to the models (along with their interactions with tenurelr TJ2 falls only slightly from 0.010 in column (2) to 0.008
does little to change the estimated tenure parameters. Fotolumn (4), and the 0.008 is not statistically different from
workers who undergo no job mobility in eight yearzero at conventional significance levels. The coefficient for
(TJ2 = TJ8 = 0), the implied return to five years of tenurel J8 increases in absolute value fror0.009 in column (2)
is 18.5%, 13.2%, and 10.2% in columns (2), (4), and (& —0.029 in column (4), and the column (4) parameter is
respectively. Each of these numbers is only slightly smallestimated very precisely. When time-invariant job effects are
than the return to tenure implied by the corresponding modedded to the model in column (6), the coefficient fai2
in which TJ2 andTJ8 are omitted. remains around zero—0.001, with a standard error of

While the addition of overall mobility measures does littl®.009) while the coefficient fof J8 moves toward zero but
to change the tenure parameters, these regressors do plenains a statistically significant0.013. Using the same
significant role in explaining log wages. In column (2)jtest case” considered earlier, the column (4) estimates
where we do not contend with the relationship between timaply that an individual who changes jobs 10 times in two
overall mobility measures and unobserved heterogeneity, trears earns 21% less than his immobile counterpart, whereas
coefficient for TJ2 is 0.010 and the coefficient fofJ8 is an individual who changes jobs 10 times after the two-year
—0.009. Both coefficients are statistically different than zemark but before the eight-year mark earns 29% less than an
at a 1% significance level. These parameters are smallinmmobile worker. Mobility also lowers wages in the column
absolute value, however, and imply that mobility occurrin@) model, but by less than the column (4) model—the
in the first two years of the career does little to affect wagesorresponding wage losses are 14% and 13%.

Using the sum of the two parameters, we find that anThe finding that overall mobility continues to be associ-
individual who undergoes 10 job separations in the first twaied negatively with wages after we account for its correla-
years of his career (an implausibly high rate of mobilityjon with time-invariant individual and job effects suggests
which, in fact, is not seen in our sample) earns only 1%at the error structure is misspecified and there are time-
higher wages when he first begins a job than does waarying components of the error term that are correlated
individual who stays with his initial employer for at leaswith the regressors. This interpretation is consistent with the
eight years. Job changes undertaken in the next six yeaaion that jobs are experience goods, for the experience
lower the log-wage path—a worker who separates from $ood model holds that mobility is driven by factors that are
employers during this period earns 9% less than an ingltb specific but timevarying. If this model accurately
vidual who remains immobile, holding tenure constant a¢flects the matching process taking place in the labor
zero. The mobility—tenure interaction terms are generaligarket (even partially), then the nonzero mobility coeffi-
small, but they serve to widen the predicted wage gajents in column (6) of table 5 simply reflect this correlation.
between movers and stayers for two reasons: mobile wofBf course, the estimates in column (6) are consistent with
ers have less tenure than stayers, and they receive a loay model in which mobility has no independent effect on
return to their tenure, as the human capital model prediotgages but is correlated with factors that we have not
According to these estimates, early-career mobility does little¢ontrolled for. For example, one could argue that our
“help” but can do a significant amount to “hurt” wages. measure of unemployment and the wage index do not

As discussed in section I, many theories of job mobilitgdequately control for fluctuations in labor market condi-
would attribute the negative relationship between overaibns. Assuming changes in market conditions are correlated
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TABLE 6.—PREDICTED LOG WAGE BY EXPERIENCE LEVEL AND MOBILITY PATTERN

Years of Experience

0 2 4 6 8 8-0
Specification 2
1job (8 years) 1.353 1.543 1.699 1.822 1.912 0.559
(0.012) (0.009) (0.010) (0.0112) (0.012)
6jobs (0.5+ 0.5+ 0.5+ 0.5+ 2 + 4) 1.338 1.463 1.611 1.683 1.800 0.462
(0.012) (0.009) (0.009) (0.009) (0.011)
6jobs (4+2+ 0.5+ 0.5+ 0.5+ 0.5) 1.309 1.490 1.644 1.648 1.647 0.338
(0.0112) (0.009) (0.010) (0.009) (0.010)
10 jobs (0.8 year each) 1.293 1411 1.513 1.570 1.642 0.349
(0.0112) (0.008) (0.008) (0.008) (0.009)
Specification 4
1job (8 years) 1.419 1.578 1.710 1.814 1.890 0.471
(0.028) (0.028) (0.029) (0.030) (0.031)
6jobs (0.5+ 0.5+ 0.5+ 0.5+ 2+ 4) 1.297 1.417 1.561 1.630 1.749 0.452
(0.058) (0.058) (0.058) (0.058) (0.058)
6 jobs (4+ 2 + 0.5+ 0.5+ 0.5+ 0.5) 1.273 1.424 1.556 1.575 1.588 0.315
(0.057) (0.058) (0.058) (0.059) (0.059)
10 jobs (0.8 year each) 1.172 1.283 1.379 1.434 1.502 0.330
(0.061) (0.061) (0.062) (0.062) (0.062)
Specification 6
1job (8 years) 1.450 1.588 1.703 1.795 1.864 0.414
(0.023) (0.022) (0.023) (0.025) (0.026)
6jobs (0.5+ 0.5+ 0.5+ 0.5+ 2 + 4) 1.381 1.483 1.593 1.654 1.743 0.362
(0.022) (0.022) (0.023) (0.023) (0.026)
6 jobs (4+ 2+ 0.5+ 0.5+ 0.5+ 0.5) 1.384 1.511 1.633 1.649 1.667 0.283
(0.021) (0.020) (0.023) (0.021) (0.022)
10 jobs (0.8 year each) 1.328 1.425 1.507 1.562 1.615 0.287
(0.020) (0.018) (0.019) (0.020) (0.021)

Notes: Predictions are based on the estimates shown in columns (2), (4), and (6) of table 5. Standard errors are in parentheses.

with both wages and voluntary mobility, we would expect tthe average amount of mobility seen in our sample: each of
find nonzero coefficients foFJ2 and/orTJ8. We do not rule his first four jobs last six months, while his fifth jobs lasts
out alternative explanations for our finding, but given thevo years and his final jobs last four year§J2 = 3,
difficulties inherent in distinguishing among alternative joliJ8 = 5). The third worker also holds six jobs, but follows a
matching models, we believe our results are striking. very different mobility pattern—he holds a four-year job
At the level of pure data description, we believe it is alstollowed by a two-year job followed by four jobs lasting six
interesting to see that immobile workers fare better thamonths eachTJ2 = 0, TJ8 = 5). The fourth worker holds
their mobile counterparts regardless of how we control fa0 jobs, each lasting eight-tenths of a yediq= 2,
observed and unobserved heterogeneity. Indeed, the pattdidg&= 9). Note that the type 2 mobility pattern is consistent
seen here are robust to substantial changes in the regresaitis a search good job matching model where the worker
beyond what is reported in table 6. For example, replacingoves to progressively better job matches. The type 3 and
the wage index with year dummies, adding higher ordémpe 4 patterns are inconsistent with such a model, but can be
terms in tenure and experience, interacting experience wjtstified by either a mover—stayer or an experience good
the schooling dummies, and adding ability test scores amtching model.
family background measures does not alter our generaln computing the predicted wages, we assume that each
results. However, workers with different mobility patternsdividual works continuously for the first eight years of his
also tend to differ in their levels of job tenure, so it is difficulcareer, has completed 12 years of school (and does not
to determine the exact relationship between mobility pateenroll), is unmarried and childless, works full time in
terns and wages from the estimates in table 5. nonunion jobs, lives in a nonsouthern city, and begins his
To describe more accurately the “overall” effect of jobcareer in 198387 We compute each worker’s predicted wage
mobility on wages, we plot in figure 1 predicted log-wagat zero, two, four, six, and eight years of experience.
paths implied by the column (2), (4), and (6) estimates of
table 5 for workers with four different mobility patterns. The 17 yen with different job mobility patterns differ significantly in a
first type of worker we consider is someone who works feiumber of observable dimensions, including schooling attainment and

the same employer for the first eight years of his carewprk continuity. If we control for this heterogeneity, the predicted wage
aths discussed below differ even more dramatically across mobility

_(TJ2 =0,TI8= 0). The s_econ(_JI Work_er has S_'ix j_()bs (ﬁvéatterns, but we ignore these differences in order to isolate the effects of
job separations) during this period of time, which is close taobility on wage paths
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FIGURE 1.—PREDICTED LOG WAGES BY EXPERIENCEL EVEL
AND MOBILITY PATTERN.
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The predicted log-wage path corresponding to the column
(2) (OLS) estimates in table 5 appears in figure 1a, the
column (4) predictions are plotted in figure 1b, and the
column (6) predictions appear in figure 1c. All three sets of
predictions and the associated standard errors are also
presented in table 6. The plot corresponding to the OLS
estimates reveals that at every point in their career, the type 1
(immobile) workers earn more than the workers who move
to increasingly durable jobs, who in turn earn more than the
type 4 workers who change jobs approximately every 10
months. The wage gap among these workers is very small at
the start of the career, but grows over time as the gap in their
tenure levels grows. In fact, it is the tenure effects that cause
the type 3 workers to overtake but then fall well behind the
type 2 workers, for type 3 workers lose tenure as they move
to increasingly less durable jobs.

What is remarkable about our results is that the patterns
seen in figure la continue to exist after we control for the
effects of time-invariant job and individual effects. The plots
in figures 1b and 1c actually show more wage dispersion at
the start of the career than does the OLS-based plot because,
as seen in table 5, the coefficient f®d8 becomes more
negative as we enrich the error structure.

V. Conclusions

Most of what is known about the relationship between
early-career job mobility and earnings comes from first-
differenced wage models that estimate the average wage
boost associated with a job change. We have taken a
different approach by examining the association between
wage paths and “overall mobility,” defined as the number of
job separations undergone in the eight years following
school exit. Estimates from wage models that control for
overall mobility reveal that job mobility is associated
negatively with wage levels. By computing predicted log-
wage paths for four workers who differ only in their mobility
patterns, we have found that immobile workers (those who
stay with their initial employers for at least eight years) earn
the highest wages, whereas workers whose mobility fails to
move them into increasingly durable employment relation-
ships earn the lowest wages. In the middle are individuals
whose mobility patterns conform to search good job match-
ing models in which workers locate increasingly high-
quality and, therefore, long-term jobs as they age.

The negative relationship between overall job mobility
and wages is found in a simple wage model estimated via
OLS, but also in models that account for the correlation
between mobility and unobserved time-invariant personal
and job characteristics. This is a particularly noteworthy
finding because it is contrary to the predictions of two
well-known models of job mobility. The mover—stayer

Based on predictions presented in table 6. Type 1 workers hold one job that lasts eight years. Tymﬁ)del prediCtS that the negative relationship between jOb

workers hold four jobs lasting 0.5 year, each followed by one two-year job and one four-year job. Ty

workers hold one four-year job followed by one two-year job followed by four jobs lasting 0.5 year ea

Type 4 workers hold 10 jobs lasting 0.8 year each.

PHobility and wages should disappear after time-invariant
individual factors are taken into account. Models in which

jobs are search goods and workers move to increasingly
high-paying (and long-lasting) jobs predict that the negative
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relationship should vanish after we control for unobservedzear, Edward P., “Why Is There Mandatory Retiremenj@iiaglaf

A ot ; _ Deissasm 67 (Dec. 1979), 1261-1284.
tlme. invariant job effects. Accordmg tO. these models, Cf)”— “Raids and Offer Matching,'Research in Labor Economiés pt.
trolling for these unobservables is equivalent to controllin A(1986), 141-165.

for match quality. Loprest, Pamela J., “Gender Differences in Wage Growth and Job

i i it i ; ; Mobility,” American Economic RevieB2 (May 1992), 526-532.
'The finding that oyerall mo.blll.ty is qssomated negatlyelMincer' Jacob, “Wage Changes in Job ChangeRdsearch in Labor
with wages net of its association with unobserved time-  Economics, pt. A (1986), 171-197.

invariant individual and job characteristics is consistent witkincer, Jacob, and Boyan Jovanovic, “Labor Mobility and Wages,” in

; ; TP ; _ Sherwin Rosen (ed.Btudies in Labor MarketéChicago: Univer-
any model in which mobility is driven by other unobserv ity of Chicago Press, 1981).

ables—namely, those that vary over time. We note th@éison, Phillip, “Information and Consumer Behavior igiiaakeif

experience goods job matching models fall into this cat-  IEiE—8 (Mar./Apr. 197_0 311329,
egory, for in such models wages and job mobility ar@"Wa;tgriD'-eEéb%g)aSQS&‘;_Sé'gS'XEd Facto y
determined byerceivednatch quality. Such perceptions ar@mori, Yoshiaki, “Work History and Mobility,” unpublished Ph.D.

unknown to the analyst and, therefore, are represented in dissertation, State University of New York at Stony Brook (1990).
wage models as job-specific time-varying components of tﬁé'c’p'l_;%%rr‘”ﬁéﬁ(g? ,,S*teve” S2lop el g gag‘%NT(;Jmeg%)m the
error term. Our analysis has not proven the validity of  g19-627. ' '

experience goods models, but has provided evidence thatagel, Robert H., and Michael P._Ward_-Job Mobility and the Careers of

consistent with such models. Young Men,” _308 (May 1992),

439-479.
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